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Redirection Tool

One of the major concerns of our client is how to optimally redirect
vehicles when the facility it intends to park in is full.

The redirection tool combines everything we've learned in studying
the data, most prominently utilization ‘u’' patterns and capacities ‘c'
of each facility, with a distance matrix 't' retrieved from Google
Maps, to graphically demonstrate our achievement to our client. We
use two predictive data models to integrate information of the
above mentioned factors into one single score ‘a’, which we then
use to rank alternatives to the facility that is full or over-utilized,
and provide the user with three top ranking facilities.

a=B1-t)+y(l-u)+dxc

- (linear)

o=e P e 4 (1-e %) - (exp. decay)
Where t, u, and c are variables representing distance, utilization, and
capacity, and g (distance), y (utilization), and & (capacity) are user-
configurable parameters specifying the significance of each factor
in the calculation.
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