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Object Detection: Methods & Results
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Deep Convolutional Models to Find Space Junk
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No Artifact
Manually detecting space junk is time consuming, inefficient, and leaves room for human error.
Our mission was to build an algorithm that would automate this detection process.
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Data Pre-Processing Object Detection

e To transform FITS files into JPEGs, we extracted the SCI layer of the i, r, g-bands and mapped

. false positiver

them to red, green, and blue channels. Then, each of the MSK layers are combined into a single
array, which, when applied to the RGB array, shows magenta colored masks.

e We located the artifacts using x,y coordinates. After dividing the image into tiles (200x200 for
classification, 600x600 for detection), we classified each by the percentage of tile that is masked.
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When the results of our two models are stitched together, they generate the full-sized images above.

We plan on continuing our work into the semester.
We hope to extend our models into all 6 channels,
apply active learning to object detection, fine tune,
and package the software for DES researchers.
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